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Multi-branch Faster RCNN for Human Pose Estimation

Wei Kaigiang, Zhao Xu, Wang Lei
Department of Automation, Shanghai Jiao Tong University, Shanghai, 200240

Abstract: Human pose estimation has long been a deeply concerned research topic in computer vision
field. Most human pose estimation algorithms only focus on images with single person. We propose a
multi-branch Faster RCNN model to detect multiple people as well as their parts in the image and then
get their poses. Our multi-branch model can improve performance on detecting human parts and persons,
while speed up detection process with sharing weights. Experiments on several public datasets
demonstrate that our multi-branch model outperforms the original model on person and parts detection,

and achieves fairly or better results when compared with other pose estimation algorithms.
Key words: convolution neural network; multi-task Faster RCNN; parts detection; pose estimation
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